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Goal Character Articulation Model Pose Transfer Results
Automatic pose transfer between stylized 3D We define K deformation parts for a mesh V. Each part is deformed based Compared to other methods, our results match the
characters without skeletal rigging. on the skinning weight W associated with it. These deformation parts source pose the best and preserve the character shape.
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achieves automatic pose transfer between 3D | ... ' Encoder J—’ e reture | I Our skinning paints characters consistently on
characters. : vt W S WE- *- ' semantic regions while the comparison methods fail on
* supports characters with diverse shapes, | 7 :| Predictor}—» m LBS some body parts.
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* Require correspondence between skeletons. the ground truth skinning, their predicted part should also be the same. References
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